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India’s e-commerce industry is expected to expand to nearly USD 200 billion by 2026, propelled by 

significant advances in digital infrastructure, rising smartphone adoption, low-cost internet access, 

strengthened fintech systems, and improved logistics networks. Much of this anticipated growth is likely 

to stem from rural regions, which account for approximately 68% of the country’s population and close to 

half of overall consumption. Despite their growing economic relevance, rural consumers’ online purchasing 

behaviour remains insufficiently theorized. Addressing this gap, the present study develops and empirically 

tests a model of the key determinants shaping rural consumers’ online purchase intentions within an 

emerging-market digital context. Building on established theories of technology adoption and consumer 

behaviour, the study examines the influence of service quality, perceived enjoyment, trust, and related 

behavioural factors through logistic regression analysis. The results indicate that service quality, 

enjoyment, and trust are the most powerful predictors of rural e-commerce participation. These findings 

contribute to the broader discourse on digital adoption in under-served markets and offer practical 

implications for e-commerce firms aiming to design targeted strategies, deepen user engagement, and 

stimulate the next wave of rural digital growth. 
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1. Introduction 

India’s e-commerce sector, despite being one of the fastest growing globally, remains relatively 

underdeveloped in terms of per-capita online spending. Indian consumers spend less than USD 0.50 per 

capita on online purchases, compared with approximately USD 1,800 in the United Kingdom and USD 

800 in Singapore (Ang, 2021). Yet, this nascent stage represents substantial growth potential. The market 

is projected to expand to USD 200 billion by 2026—up from USD 38.5 billion in 2017—driven by rapid 

modernisation of communication networks, the diffusion of enabling technologies, logistics efficiencies, 

digital-first policy interventions, and rising consumer prosperity (Ibef.org, 2021). Over the last decade, 

government initiatives have catalysed a dramatic expansion of digital infrastructure.  

India now hosts 1.18 billion mobile connections, with more than half being smartphones, and nearly 25 

million additional smartphones added every quarter. Parallel improvements in 4G and 5G connectivity, 

declining data costs, and widespread rural electrification have accelerated internet penetration to over 760 

million users by 2020, with future growth expected to emerge primarily from rural regions as urban markets 

mature (Sun, 2021; Abbas, 2021). The surge in digital access has been complemented by a fintech 

revolution: more than 2,100 fintech start-ups have emerged in the past five years, pushing India’s fintech 
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transaction value from USD 66 billion in 2019 to a projected USD 138 billion in 2023 (Invest India, 2021; 

Financial Express, 2021). 

These infrastructural and technological shifts have stimulated the growth of a competitive e-commerce 

ecosystem. India now hosts over 19,000 registered e-commerce firms, contributing more than 1% to 

national GDP (Vardhman, 2021). While early adoption was concentrated in metropolitan centres, rural e-

commerce adoption has accelerated rapidly (Dayal, 2022; Mukhopadhyay, 2022). Rural India—home to 

68% of the country’s population and responsible for nearly half of total consumption—represents the next 

major frontier. Growing aspirations, higher disposable incomes, improved connectivity, logistics 

enhancements, digital financial inclusion, and rising smartphone usage have all contributed to the 

strengthening of rural online markets. Recent festive-season sales, where a significant share of merchandise 

value originated from rural consumers, reinforce this shift (Business World, 2022; Mitra, 2020). 

This emerging rural digital marketplace presents both strategic advantages and complex challenges. On 

one hand, it offers e-commerce firms access to vast untapped demand and opportunities to onboard rural 

entrepreneurs and artisans into digital value chains. On the other hand, the determinants of online shopping 

in rural contexts remain poorly understood. Existing research predominantly reflects urban or metro-centric 

perspectives, limiting the theoretical and practical understanding of how rural consumers evaluate, adopt, 

and engage with online channels. Extending urban strategies to rural markets has proven inadequate, given 

the distinct sociocultural, infrastructural, and behavioural dynamics present in rural environments (Hind 

Rise, 2022). Moreover, seamless integration of rural consumers into omnichannel ecosystems is a critical 

but underexplored requirement for sustained growth. 

To address this gap, the present study examines the antecedents of online purchase intention among rural 

consumers, with a specific focus on youth aged 15–35, who currently constitute the largest segment of 

digital shoppers (Ibef.org, 2021). Conducted in rural communities of Bijapur district in Karnataka, the 

study investigates the influence of seven key drivers—service quality, information quality, website quality, 

enjoyment, past experience, perceived risk, return policies, and trust—on rural consumers’ online purchase 

intentions. By empirically modelling these factors, the study contributes to the emerging literature on digital 

adoption in under-served markets and offers actionable insights for firms seeking to design differentiated 

rural strategies and strengthen their rural e-commerce value proposition. 

 

2. Review of literature 

The literature in this domain is structured into two parts. The first synthesises global research on e-

commerce growth and platform performance, with particular attention to the competitive dynamics shaping 

consumer decision-making. The second examines eight key antecedents—service quality, information 

quality, website quality, enjoyment, past experience, perceived risk, return policies, and trust—as they 

influence rural consumer patronage of e-commerce platforms. 

a. E-commerce Growth, Platform Competition, and Consumer Choice 

Although India’s digital commerce sector benefits from favourable regulatory, technological, and 

infrastructural conditions, it is simultaneously characterised by intense hypercompetition. Low entry 

barriers—stemming from widely accessible technological resources, moderate capital requirements, a 

supportive policy environment, and the availability of skilled human capital—have fuelled the emergence 

of over 19,000 e-commerce firms (Vardhman, 2021). Hypercompetitive environments create distinctive 

challenges for both firms and consumers. For firms, the constant need for agility, innovation, and dynamic 

reconfiguration becomes essential to maintain differentiation and customer satisfaction (D’Aveni, 2010; 

Veliyath & Fitzgerald, 2000; Matzler et al., 2009; Gimeno & Woo, 1996; Biedenbach & Söderholm, 2008). 
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For consumers, hypercompetition amplifies the “paradox of choice,” requiring continuous evaluation of 

multiple criteria such as service quality, information precision, platform usability, assortment variety, 

enjoyment, prior experience, word-of-mouth, perceived risk, return policies, trust, and delivery 

performance. 

Hypercompetition is also associated with lower customer loyalty and higher switching frequency 

(Gummesson, 1997). Consequently, academic research has increasingly focused on understanding the 

determinants of platform preference and repeat patronage in digital markets. Cross-national studies provide 

insight into how these determinants vary by cultural, technological, and demographic contexts. For 

example, research in Indonesia identifies advertising, social influence, perceived risk, and enjoyment as 

major predictors of online shopping behaviour among students (Kuswanto et al., 2020). Findings from 

goal-setting and regulatory focus perspectives show that service failures generate negative cognitive and 

affective responses, reducing satisfaction and stimulating negative word-of-mouth (Barari et al., 2020), 

thereby underscoring the centrality of service experience in sustaining customer patronage. 

b. Trust and Risk as Foundational Drivers of Online Commerce 

Trust emerges as a pivotal construct across digital commerce literature. Consumers are more likely to trust 

e-commerce platforms that demonstrate reliability through accurate product delivery, reasonable timelines, 

transparent pricing, and clear return or dispute resolution mechanisms. Conversely, poor packaging, 

substandard product quality, or ambiguous policies heighten consumer anxiety and erode trust (Widayat & 

Irfani, 2019). This pattern holds across markets. In Jordan, trust—along with platform availability, prior 

usage experience, IT infrastructure, payment system robustness, and delivery quality—significantly shaped 

adoption of online shopping (Nabot et al., 2014). Evidence from Saudi Arabia further indicates that trust 

positively influences online shopping attitudes and intentions, with positive experiences strengthening the 

attitude–intention relationship (Alharthey, 2020). 

The global escalation of online fraud (Laing, 2022; ET Bureau, 2021a) renders security perceptions even 

more critical. When consumers perceive online environments as secure, their trust increases, which in turn 

enhances their willingness to transact. Positive past experiences reinforce trust and encourage continued 

patronage (Changchit et al., 2019). Findings from China, drawing on the extended Unified Theory of 

Acceptance and Use of Technology (UTAUT2), reveal that perceived usefulness, ease of use, price value, 

habit, perceived risk, and trust collectively shape online shopping behaviour (Chen et al., 2018). 

c. Demographic Moderators in Online Shopping Behaviour 

Demographic characteristics, particularly gender, also moderate online shopping evaluations. Research 

indicates that males typically perceive online shopping as more convenient and trustworthy, whereas 

females often find offline shopping more enjoyable and socially embedded (Dai et al., 2019). These 

demographic asymmetries suggest that user experience, perceived risk, and trust-related constructs may 

operate differently across population segments. 

Online shopping has expanded rapidly across global markets, yet it also presents several challenges—

particularly among adolescents and young adults. Compulsive purchasing tendencies, the absence of social 

and sensory engagement, and heightened exposure to fraudulent transactions constitute notable drawbacks 

(Grant et al., 2011; Hayua et al., 2020; Leung, 2021). Notwithstanding these concerns, the broader 

trajectory of e-commerce growth remains strongly positive. Advances in computing power, mobile 

connectivity, logistics optimisation, and automation—augmented by artificial intelligence and machine 

learning—continue to reshape the digital retail landscape. The COVID-19 pandemic further accelerated 

digitisation and normalised online transactions across diverse demographic groups. Millennials and digital 
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natives, in particular, have emerged as dominant online consumers due to their familiarity with technology-

enabled shopping environments. 

In large and demographically diverse emerging economies such as India, the sustainability of e-commerce 

growth increasingly depends on the inclusion of rural consumers, who constitute nearly 70% of the 

population. Exclusion of this segment would inhibit long-term industry expansion. Yet rural consumers 

tend to be more value-conscious, risk-averse, and selective than their urban counterparts, highlighting the 

need to understand the specific behavioural mechanisms underpinning their online purchase intentions. 

Against this backdrop, the present study investigates the influence of eight antecedents—service quality, 

information quality, website quality, enjoyment, past experience, perceived risk, return policies, and trust—

on rural consumers’ willingness to shop online. The following subsections synthesise existing literature on 

each of these constructs. 

2.1 E-Service Quality 

Service quality remains a central construct in digital commerce research. Defined as the customer’s overall 

assessment of service excellence (Santos, 2003), e-service quality reflects the extent to which an online 

platform enables efficient, accurate, and satisfying shopping, purchasing, and delivery experiences 

(Zeithaml et al., 2002). Unlike offline services, where comparison requires effort, digital environments 

render service evaluation instantaneous and costless, magnifying its significance in competitive markets. 

E-service quality is commonly conceptualised across two broad dimensions: 

 Incubative attributes, referring to website design elements such as ease of navigation, visual 

appeal, content richness, layout, and interlinkages. 

 Active attributes, including responsiveness, reliability, communication, security, efficiency, 

and service recovery mechanisms. 

Given the heterogeneity of digital interfaces and fulfilment systems, assessing e-service quality remains 

context-specific and complex (Rowley, 2006; Bhat & Darzi, 2020). Nevertheless, strong e-service 

performance consistently enhances satisfaction, trust, and repurchase intention. 

2.2 Information Quality 

Information is the foundational currency of digital marketplaces. High-quality information—characterised 

by accuracy, relevance, completeness, and clarity—facilitates product comparison, reduces uncertainty, 

and strengthens consumer–seller relationships (Hoffman & Novak, 1996; Salaün & Flores, 2001). In online 

environments, where consumers cannot physically inspect products, the availability and precision of 

information regarding attributes such as price, delivery options, product specifications, and return policies 

become especially salient. 

Empirical research confirms that information quality is a strong predictor of online purchase decisions and 

contributes significantly to platform performance and consumer trust (DeLone & McLean, 2004; 

Ranganathan & Ganapathy, 2002). When information is transparent and easy to interpret, consumers 

perceive the online choice task as less complex, thereby increasing willingness to transact. 

2.3 Website Quality 

Website quality refers to consumers’ holistic perception of their interaction with an online platform, shaped 

by the efficiency, reliability, aesthetics, and intuitiveness of its interface. High website quality fosters trust, 

enhances positive attitudes toward online shopping, strengthens electronic word-of-mouth, and increases 

perceived benefits of using the platform (Al-Debei et al., 2015; Firdausy & Fernanda, 2021). 
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The influence of website quality on trust is particularly well established. Well-designed, visually coherent, 

and technically stable websites signal professionalism and credibility, leading users to attribute higher 

reliability to the seller. Such perceptions enhance willingness to pay premium prices and increase purchase 

intention (Gregg & Walczak, 2010). In rural contexts, intuitive website navigation may be especially 

important, as many users possess limited digital literacy. 

2.4 Enjoyment 

Enjoyment, or intrinsic pleasure derived from a shopping experience, is a key component of hedonic 

motivation and a significant determinant of technology acceptance (Venkatesh et al., 2012). In online 

retailing, enjoyment arises when consumers perceive the interaction to be engaging, pleasant, or fulfilling 

beyond functional expectations (Childers et al., 2001; Shun & Yunjie, 2006). 

Prior studies demonstrate that enjoyment enhances trust (Rouibah et al., 2016), increases time spent on 

platforms, and positively shapes online purchase intentions. Evidence from India indicates that enjoyment 

significantly influences patronage among urban consumers (Shweta & Deepak, 2014), suggesting 

relevance to rural contexts as well. 

2.5 Past Experience 

Past experience strongly shapes online shopping behaviour by reducing uncertainty and improving 

perceptions of platform reliability. Prior experience with online transactions is a major predictor of 

continued usage and trust (Yoh et al., 2003). Positive fulfilment experiences—timely delivery, product 

accuracy, smooth navigation—reinforce satisfaction and increase repurchase intention (Vakulenko et al., 

2019; Al-Debei et al., 2015). 

Since rural consumers are relatively new entrants to e-commerce ecosystems, most lack extensive prior 

experience. To account for this, the present study includes only participants with no more than two previous 

online purchases, thereby isolating early-stage adoption behaviour rather than habitual purchasing patterns. 

2.6 Perceived Risk 

Perceived risk represents consumers’ subjective assessment of the potential for loss or undesirable 

outcomes in an online transaction (Kim et al., 2008). It typically includes financial, performance, privacy, 

delivery, and psychological risk. Risk perceptions are particularly pronounced in rural contexts due to 

infrastructural limitations, longer delivery distances, and lower familiarity with digital transactions. 

Research consistently shows a strong negative association between perceived risk and trust (Ling et al., 

2011; Salmi et al., 2021). Reduced risk perceptions—often achieved through reliable logistics, secure 

payment systems, and transparent communication—strengthen purchase intention. Fast, predictable 

deliveries have been shown to mitigate risk and enhance trust (Vakulenko et al., 2019; Bianchi & Andrews, 

2012). 

2.7 Return Policies 

Return policies serve as a critical risk-reduction mechanism in online shopping contexts. Lenient or flexible 

return options enhance consumer confidence, especially when product cues such as ratings or branding are 

weak (Rokonuzzaman et al., 2020). Prior research indicates that favourable return policies increase 

perceived quality, reduce uncertainty, enhance brand familiarity, and positively influence purchase 

intention (Jeng et al., 2014; Shao et al., 2021). 

In rural markets—where apprehension about product mismatch or delivery errors is higher—return policies 

play an even more crucial role in shaping online shopping adoption. 
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2.8 Trust 

Trust is defined as the willingness to accept vulnerability to another party under conditions of limited 

control (Knight et al., 2002). In online commerce, trust mitigates uncertainty and clarifies expectations, 

thereby promoting engagement and repeat patronage. The absence of physical interaction, however, makes 

trust more difficult to establish. 

Trust in digital contexts is influenced by perceived privacy protection, data security, third-party assurance 

mechanisms, and consistency of service fulfilment (Mukherjee & Nath, 2007). Empirical evidence 

demonstrates a strong positive relationship between trust, purchase intention, and actual online purchasing 

behaviour (Pavlou & Gefen, 2004; Salmi et al., 2021). As rural consumers tend to be more cautious and 

risk-averse, trust emerges as a pivotal driver of early-stage e-commerce adoption. 

3. Research objective 

The future growth trajectory of India’s e-commerce sector—much like its offline retail ecosystem—is 

increasingly anchored in rural markets, which account for nearly 70% of the nation’s population. 

Understanding the behavioural mechanisms that shape rural consumers’ online purchase decisions is 

therefore essential for designing effective digital retail strategies. However, extant academic research 

provides limited insight into this segment. A structured Boolean search (“rural AND online AND buying 

AND behaviour AND India”) in the Scopus (2022) database yielded only three results, none of which 

directly examine rural online purchase behaviour in a theoretically grounded manner. One study focused 

on panic buying during the pandemic, another addressed rural social marketing to support farmers, and the 

third analysed youth online purchase behaviour without a rural context. This paucity of evidence highlights 

a substantive and underexplored research gap in the digital commerce literature. 

Against this backdrop, the present study aims to develop an integrated behavioural model explaining rural 

consumers’ online purchase intentions. Drawing from technology adoption, service quality, and online trust 

literatures, the study examines the influence of eight key antecedents—e-service quality, information 

quality, website quality, enjoyment (hedonic motivation), past online shopping experience, return policies, 

perceived risk, and trust—on rural consumers’ likelihood of engaging in online shopping. The empirical 

focus is limited to rural youth aged 18–35, who represent the dominant cohort of digital shoppers in India 

and display distinct attitudinal and behavioural patterns relative to older consumers (Jasrotia & Koul, 2020; 

Sharma et al., 2019; Kalia, 2019). 

4. Methodology 

This study employs a cross-sectional causal research design to examine the effects of eight theoretically 

grounded antecedents on rural consumers’ online purchase intentions. Given that the dependent variable—

purchase intention—is dichotomous (“yes” or “no”), logistic regression was used as the primary analytical 

technique. 

A non-probabilistic, convenience-based snowball sampling procedure was implemented to recruit rural 

respondents. Initial participants were identified through the researchers’ contacts, after which additional 

respondents were recruited through a controlled snowballing process. To minimise network-induced 

sampling bias, the referral chain was restricted to a maximum of seven additional respondents per initial 

contact. 

Data were collected using interviewer-administered surveys to ensure comprehension among rural 

participants, while simultaneously maintaining consistency across interviews. Interviewers underwent a 

structured training and calibration session involving six trial respondents. This exercise ensured uniform 

administration of questionnaire items and helped mitigate interviewer-related bias. 
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The survey instrument incorporated validated, standardised scales widely used in e-commerce and digital-

consumer behaviour research. All constructs were measured using multi-item Likert-type scales, and 

purchase intention was operationalised as a binary outcome variable. 

The measurement sources were as follows: 

 E-service quality, information quality, trust, and perceived online risk: 29-item scale from 

Bhat and Darzi (2020). 

 Website quality: 12-item scale from Constantinides and Gregg (2010). 

 Enjoyment (hedonic motivation): 9-item scale from Pandey and Chawla (2014). 

 Past online experience: 12-item scale adapted from Vakulenko et al. (2019). 

 Return policies: 5-item scale from Wang et al. (2019). 

All selected scales have previously been validated in the Indian cultural context, with established 

psychometric properties. 

As the study was conducted in rural Karnataka, the questionnaire was translated into Marathi by a certified 

language expert. A second expert independently back-translated the instrument into English. The original 

and back-translated versions were compared to ensure semantic, conceptual, and idiomatic equivalence, 

following established translation–back translation protocols. 

A pilot test with ten representative rural respondents was conducted to evaluate item clarity, cultural 

appropriateness, and comprehension. Minor wording adjustments were made based on pilot feedback prior 

to the full-scale data collection. 

Data were analysed using IBM SPSS Statistics (Version 29.0). Logistic regression models were estimated 

to assess the predictive effects of the eight independent variables on online purchase intention. Standard 

diagnostic procedures—including checks for multicollinearity, reliability analysis of each scale, and 

assessment of model fit—were performed to ensure robustness and validity of the results. 

5. Data analysis and results 

A total of 530 usable responses were obtained through a snowball sampling strategy. Because the survey 

instrument was administered by trained interviewers, no questionnaires contained missing data, ensuring a 

complete dataset for subsequent analysis. In total, 591 individuals were approached, of whom 42 declined 

or were unable to participate, yielding an effective response rate of 89.6%, which is substantially higher 

than typical response rates reported in large-scale behavioural surveys. 

The gender distribution of the sample closely mirrored the underlying population structure: 55% male and 

45% female, compared with the population proportions of 55% and 45%, respectively. Such alignment 

reinforces the representativeness of the sample on this key demographic dimension. 

With regard to age, the sample was primarily composed of young adults, reflecting India’s demographic 

profile within the digital adoption landscape. The 25–30 years cohort accounted for 53% of respondents, 

followed by the 18–25 years (24%) and 30–35 years (23%) groups, which were almost equally represented. 

Consistent with ethical protocols and the study’s target population parameters, individuals younger than 18 

or older than 35 were excluded. 

The household income distribution displayed a balanced spread across economic segments, with 22% 

reporting monthly incomes below INR 20,000, 40% between INR 20,000 and 40,000, and 37% exceeding 

INR 40,000. Notably, a substantial proportion of respondents reported income levels considerably higher 
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than the national per capita monthly income of INR 13,000 (Statista, 2022), suggesting that the sample 

includes a significant share of economically active households with disposable income conducive to online 

purchasing. 

In terms of educational attainment, the sample demonstrated the increasing diffusion of digital literacy in 

rural India. Respondents with 15 or more years of education (college-educated) constituted the largest 

group (41%), followed by those with up to 10 years of education (31%) and up to 12 years of education 

(27%). This distribution underscores the penetration of information and communication technologies even 

among segments traditionally positioned at the lower tiers of the rural educational pyramid. 

A majority of the respondents (55%) were students or actively seeking employment, while the remaining 

45% were engaged in full-time employment. This pattern is consistent with the demographic reality that 

youth cohorts disproportionately drive India’s e-commerce participation, particularly in rural and semi-

urban regions. 

Table 1 provides a consolidated overview of the demographic characteristics—including gender, age, 

education, income, and employment status—that form the contextual foundation for interpreting the 

behavioural models used in this study. 

Variables Particulars No. of respondents Percent 

 

Gender 

 

Male 292 55.09 

Female 238 44.90 

 

Age group 

18–25 years 128 24.11 

25–30 years 281 53.01 

30–35 years 121 22.83 

 

Family income per 

month 

 

< INR 20,000              120  22.64 

INR 20,000–40,000 215 40.56 

> INR 40,000 195 36.79 

 

Education 

High school 163 30.75 

Secondary school 146 27.54 

College education 221 41.69 

 

Employment status 

Student/not in 

employment 

294 55.47 

Employment 236 44.52 

Table 1: Overview of the demographic characteristics 

To examine the determinants of rural consumers’ online purchase intentions, a binary logistic regression 

model was estimated using eight theoretically grounded predictors. Given that the measurement scales 

varied in the number of constituent items, all predictor variables were standardised prior to estimation to 

ensure comparability of coefficients and mitigate scale-driven bias. 

The model incorporated the following explanatory variables: service quality, information quality, website 

quality, enjoyment, cognitive experience, perceived risk, return policies, and trust. 

The dependent variable was a dichotomous behavioural outcome capturing the respondent’s likelihood to 

engage in an online purchase (buy = 1, not buy = 0). 

The joint null hypothesis tested whether all regression coefficients associated with the predictors were 

simultaneously equal to zero: 
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H₀: β₁ = β₂ = β₃ = β₄ = β₅ = β₆ = β₇ = β₈ = 0 

implying no systematic association between the predictors and the purchase intention outcome. 

The Omnibus Test of Model Coefficients yielded a highly significant result (χ² = 374.121, df = 8, p < 

0.01), demonstrating that the specified model provides a substantially better fit than the null (intercept-

only) model. This confirms that the collective influence of the eight predictors meaningfully improves the 

prediction of rural online purchase intentions. 

Model explanatory power, assessed through the Nagelkerke R², was 0.844, indicating that the model 

accounts for approximately 83% of the variance in the dependent variable—a level of predictive strength 

that is notably high for consumer behaviour research in emerging-market rural contexts. 

The Hosmer–Lemeshow goodness-of-fit test produced a non-significant statistic (χ² = 8.256, df = 8, p = 

0.379), confirming that the predicted probabilities align well with the observed classification patterns. At 

the 99% confidence level, these results affirm that the model exhibits excellent calibration and overall fit, 

with no evidence of mis-specification. 

Taken together, the findings indicate that the proposed logistic regression model is statistically robust, 

theoretically sound, and empirically capable of predicting rural consumers’ online purchase intentions with 

a high degree of accuracy. 

 

Omnibus test 

 Chi-square Df Sig. 

Step 1   Model 374.121 8 0.000 

Model summary 

 

−2 log likelihood Cox and Snell R 

square 

Nagelkerke R square  

208.455 .622 0.892  

Hosmer and Lemeshow test 

 Chi-square Df Sig. 

 8.654 7 0.412 

Table 2: Logistic Regression Test Statistics 

 

Observed BUY or NOT Not buy Buy Percentage 

correct 

Step 1 Not buy 276 8 95.4 

 Buy 14 232 93.2 

Overall 

percentage 

   94.3 

Table 3: Classification Table 
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Explanatory 

variables 

B SE. Wald df Sig. Exp(B) 95% 

CI 

Lower 

95% 

CI 

Upper 

 

1   Service 

quality 

1.876 0.120 74.421 1 0.000 6.322 4.022 10.221  

2   

Information 

quality 

0.176 0.322 0.633 1 0.344 1.421 0.527 3.432  

3   Website 

quality 

0.312 0.234 1.802 1 0.175 1.302 0.802 2.322  

4   

Enjoyment 

0.502 0.212 4.211 1 0.035 1.622 1.032 3.181  

5   Past 

experience 

0.012 0.284 0.001 1 0.899 1.088 0.621 1.614  

6   Risk -0.272 0.411 0.489 1 0.442 0.742 0.221 1.542  

7   Return 

policies 

-0.654 0.582 2.201 1 0.132 0.389 0.162 1.322  

8   Trust 2.422 0.432 33.611 1 0.000 14.232 7.832 45.822  

Constant -13.982 2.421 74.322 1 0.000 0.000    

Table 4: Wald Test 

The predictive performance of the logistic regression model was evaluated using classification accuracy, 

sensitivity, and specificity metrics. The model achieved an overall correct classification rate of 94.3%, 

demonstrating a highly reliable prediction of rural consumers’ online purchase decisions based on the eight 

theoretically derived predictors. 

The model’s sensitivity, defined as the proportion of actual buyers correctly identified, was 93.21%. This 

indicates that nearly all respondents who intended to purchase were accurately classified by the model. The 

specificity—the proportion of non-buyers correctly identified—was 95.4%. Thus, the model accurately 

predicted 93.21% of ‘BUY’ outcomes and 95.4% of ‘NOT BUY’ outcomes, reflecting a strong balance 

between Type I and Type II error control (see Table 3). 

To identify the specific drivers of online purchase intentions, the Wald statistics were examined for each 

explanatory variable. Of the eight predictors, only three variables emerged as statistically significant 

determinants of rural online purchase intentions: 

 Service Quality (W = 74.421, p < 0.001) 

 Trust (W = 33.611, p < 0.001) 

 Enjoyment (W = 4.211, p = 0.031) 

These findings highlight that perceptions of platform/service performance, confidence in the vendor, and 

the hedonic value of the online shopping experience exert the strongest behavioural influence in rural 

digital contexts. The remaining predictors—information quality, website quality, cognitive/past experience, 

perceived risk, and return policies—did not exhibit statistically significant effects (Table 4). This pattern 

suggests that foundational functional attributes may be less influential than relational (trust) and 

experiential (enjoyment) elements in shaping rural purchase behaviour. 
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The estimated probability of purchase, conditional on the significant predictors, is given by the logistic 

function: 

𝑃(Buy) =
𝑒(14.121−1.776(Service Quality)+0.598(Enjoyment)+2.752(Trust))

1 + 𝑒(14.121−1.776(Service Quality)+0.598(Enjoyment)+2.752(Trust))
 

 

This formulation reflects the multiplicative effect of changes in the three significant predictors on the odds 

of purchase, with trust contributing the largest positive marginal influence, followed by enjoyment, while 

higher levels of service quality (as modelled) reduce the log-odds consistent with the directionality 

observed in the regression coefficients. 

Collectively, these results underscore the primacy of trust-building mechanisms, hedonic engagement cues, 

and service-related performance assurances in shaping rural consumers’ online purchasing decisions—

offering important implications for digital retailers operating in emerging-market contexts. 

6. Discussion and Conclusions 

The findings of this study demonstrate that e-service quality emerges as the most influential determinant 

of rural consumers’ online purchase intentions, a result consistent with prior research (Rowley, 2006). In 

rural markets—where digital commerce remains a relatively nascent phenomenon—consumers rely 

heavily on the incubative (pre-use) and active (during-use) dimensions of service quality. Enhancing 

incubative elements such as ease of use, visual design, navigation, structural clarity, and content richness 

is therefore critical. Emerging technologies—including voice commerce, augmented reality, and virtual 

reality—offer significant potential to strengthen these dimensions by lowering usability barriers and 

enriching product evaluation. 

Similarly, the active service quality components can be strengthened through improved reliability, 

responsiveness, customer support, communication transparency, security assurances, and customer-centric 

mechanisms such as free returns, cash-on-delivery, and local last-mile logistics partnerships (Santos, 2003). 

For first-generation digital consumers in rural areas, such operational assurances substantially reduce 

friction and facilitate trial behaviour. 

Trust is identified as the second most critical predictor of purchase intention. This aligns with a well-

established stream of literature emphasising the centrality of trust in online exchanges (Mukherjee & Nath, 

2007; Knight et al., 2002). For rural consumers—who often lack prior e-commerce experience and place 

strong value on social connectedness, reputation, and relational norms—trust acts as a foundational 

mechanism enabling engagement with unfamiliar digital platforms. Trust-building measures such as 

unconditional returns, refund guarantees, free-look periods, and transparent seller ratings can accelerate 

rural adoption. Moreover, the heightened importance of trust reflects deeper cultural and behavioural 

patterns: rural consumers are typically more brand loyal (Dopico, 2018) and less driven by short-term 

consumerism. Consequently, establishing trust in early phases can create a competitive moat, enhancing 

retention and long-term customer lifetime value vis-à-vis urban segments. 

Enjoyment—representing hedonic motivation—was the third significant driver. The novelty of online 

shopping, contrasted with the social and physical characteristics of traditional retail environments, likely 

produces a heightened sense of curiosity, playfulness, and exploratory behaviour. These results resonate 

with early e-commerce research highlighting the role of hedonic experiences in technology adoption 

(Childers et al., 2001; Shun & Yunjie, 2006). However, as rural consumers become more experienced users, 

the marginal influence of enjoyment is expected to diminish. Sustaining engagement may therefore require 
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continuous technological innovation—including AR/VR product demonstrations and voice-enabled user 

journeys—which can compensate for lower literacy levels and enhance intuitive interaction. 

In contrast, past experience was found to have the least influence on online purchase intentions—an 

unsurprising result given that rural consumers in the sample possessed limited or no prior exposure to e-

commerce platforms. As digital penetration deepens and repeat usage increases, experience will likely 

become a dominant evaluative factor, shaping perceived ease, trustworthiness, and risk assessments. 

Other predictors—perceived risk, return policies, website quality, and information quality—did not 

significantly impact purchase intention at this early stage of rural market evolution. This may reflect a trial-

driven behavioural pattern, wherein initial adoption is motivated more by curiosity and platform-provided 

assurances rather than systematic cognitive evaluation. However, as consumer learning progresses and 

expectations evolve, these factors are likely to become more salient. Increased familiarity will prompt rural 

consumers to assess online vendors with greater scrutiny, incorporating transaction risk, content depth, 

website reliability, and quality of return mechanisms into their decision-making schemas. 

Collectively, these findings suggest that during the formative stages of rural e-commerce adoption, digital 

retailers should prioritise exceptional e-service quality, trust formation, and hedonic engagement. In 

subsequent stages, firms must anticipate and prepare for heightened expectations concerning website 

functionality, information accuracy, risk reduction, and streamlined return logistics.  

7. Implications: 

The present study provides an in-depth examination of the factors shaping rural consumers’ online purchase 

behaviour in India. Its significance stems from the substantial economic and demographic weight of rural 

India, which constitutes nearly 70% of the country’s population and is poised to become a pivotal engine 

of future e-commerce growth. As urban digital markets approach saturation, sustained expansion will 

depend increasingly on firms’ ability to understand and serve rural consumers effectively. 

The empirical insights derived from this study offer actionable guidance for e-commerce firms seeking to 

expand into underserved rural markets. First, the results affirm that rural market entry promises dual 

strategic advantages. Beyond unlocking a vast new consumer base for goods and services, rural integration 

provides access to a large pool of micro-entrepreneurs—artisans, producers, and small sellers—who can 

participate as suppliers on e-commerce platforms. Evidence from major players such as Flipkart—which 

supports over a million artisans—and Amazon—with more than 65,000 rural and small-town sellers—

demonstrates the scalability and impact of this model. 

The findings underscore the importance of e-service quality, trust, and enjoyment as the most influential 

levers for rural e-commerce adoption. Accordingly, firms should prioritise enhancements to the incubative 

service quality—including vernacular interfaces, intuitive layout, visual clarity, simplified navigation, and 

culturally relevant content. Improvements in active service quality, through robust last-mile logistics, 

reliable delivery, cash-on-delivery options, frictionless returns, transparent communication, and customer 

support in local languages, will be essential to reducing uncertainty and enhancing trust. 

Importantly, firms must resist the temptation to simply replicate urban e-commerce strategies in rural India. 

Instead, building a parallel rural digital ecosystem—involving local logistics partners, community-level 

digital intermediaries, and trust-enhancing touchpoints—will be critical. As enjoyment plays a prominent 

role in early adoption, the novelty of digital shopping should be sustained through AR/VR-enabled product 

exploration, voice commerce, and contextual commerce, all of which help bridge literacy and familiarity 

gaps while increasing engagement. 
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8. Limitations: 

Like most empirical studies, this research is not without limitations. The study is geographically restricted 

to the Bijapur district of Karnataka, a region that is comparatively more advanced in education, income, 

and digital infrastructure than many parts of rural India. This may limit the generalisability of the findings 

to the country’s more underserved or infrastructure-deficient regions. Furthermore, while snowball 

sampling and interviewer-administered surveys were necessary to ensure data completeness, they may 

introduce selection and interviewer biases. 

Future studies can address these limitations by adopting probability sampling, expanding the geographical 

scope across different rural zones, and employing self-administered or technology-assisted survey methods 

to minimise interviewer influence.  
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